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Tab.2 Catchment hydrological characteristics
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(mm/yr) R /°C /km®  HF /m r /% /mm/hr)  /(mm/hr)  E/KE/mm E/KE/mm 35
226218 1052 0.35 12.15 66 0.64 321.37 7.34 78.62 291.79 97.13 34.48 153.06 1972-1988
401210 1371 0.36 9.48 407  0.58 850.34 18.86 92.45 213.19 76.8 44 130.13 1972-1990
403226 1189 0.27 12.57 108  0.15 462.57 99 4898 176.29 56.06 38.6 110.23 1972-1990
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Fig.1 Scatter plots of the likelihood of parameter for daily discharge in basin 226218(1), 401210(2) and 403226(3)
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Parameter uncertainty of HIMS model and its influence factor analysis
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Abstract: Parameter uncertainty of hydrological model and its influence factor analysis have important signifi-
cance in hydrological forecasting for ungauged basins. In this paper, the parameter uncertainty of HIMS model
was examined by employing generalized likelihood uncertainty estimation (GLUE) method based on the simula-
tion results of daily rainfall runoff data from the three catchments in Australia, and the influence factors of
HIMS model parameters were discussed. It was found that parameters of HIMS model were all sensitivity pa-
rameters. And then the parameters distribution of HIMS model and the physical attributions in different catch-
ments were compared. The results showed that the value of soil moisture storage capacity (Ws») in the catchment
was related to the precipitation, forest coverage and available water capacity in lay 1. As the precipitation, forest
coverage and available water capacity in lay 1 rising, the value of ., increased. The larger values of runoft gen-
eration coefficient (R) and () in the catchment were due to the large soil saturated hydraulic conductivity and
high forest coverage. The value of actual evapotranspiration coefficient (¢) was large in the catchment with low
temperature and forest coverage. The value of Muskingum model coefficient (C>) was large when soil saturated
hydraulic conductivity and forest coverage were high.

Key words: parameter uncertainty analysis; catchment physical attributions; HIMS model; GLUE



